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Monitoring model for dam deformation based on partial least-squared
regression and improved genetic algorithm
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Abstract: [Objective] Aiming at the problem of the under-fitting and multicollinearity in general dam
safety monitoring model, an optimization of partial regression was put forward. [Method) The improved
genetic algorithm was introduced in the modeling of partial least-squared regression in dam deformation
monitoring to optimize the partial least-squares regression model by using its powerful adaptive global opti-
mization search function,and the monitoring model established for dam deformation based on partial least-
squared regression and improved genetic algorithm. [Result] Project instance studies and correlation analy-
sis show that the model based on partial least-squared regression and improved genetic algorithm improved
the under-fitting phenomenon of the original model of partial regression to some extent. [Conclusion] The
model based on partial least-squared regression and improved genetic algorithm has good simulating effect
and forecasting precision and strong engineering practicability.
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