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T he study on runoff prediction model of BP neural network
based on phase space and GA

ZHANG Shuang-hu', SUN Ting-rong"?, HUANG Qiang', X IE Y an-fang’
(1 Institute & W ater Resources and Hyd roelectric, X i'an U niversity o Technology, X i'an, Shaanxi 710048, China;

2W ater Conservation B ureau o Shanxi P rovince, T aiyuan, Shanxi 030002, China)

Abstract: Considering the character of reconstruction phase gace of chaos time series, the good global
searching ability of GA and the effective local searching capacity of BP neural network, the runoff predic-
tion model of BP neural network based on phase pace and GA waspurposed in thispaper, through combin-
ing reconstruction phase pace, GA w ithBP neural network. Themodel isused to predict monthly runoff of
up-stream in Yellow River. The result of calculation show s themodel isfeasible, reasonable and highly pre-
cise

Key words reconstruction phase gpace GA ;BP neural network; runoff prediction
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