29 5 ( ) Vol 29 No 5
2001 10 Jour. of Northwest Sci-Tech U niv. of Agri and For. (Nat Sci Ed ) Oct 2001
1 2 1 3
(1 12 s 712100; 3 s 315051)
[ ] , BP ,
BP
[ ] ; ;
[ ] Tv214 [ ] A [ 11000-2782(2001) 05-134-03
( )
[2]
! ! Q_l%zAt- gl%leTZ Vo2- Vi (1)
Q1 Q2 At (ms/s);
BP Q. At m*/s),v1
Vo At (m?®); At
(s
q= f(H) (2
1 BP .q Mm*/9;H (m)
BP ’ ’ :
=f V), v (m?) 2
n, )
, R" R" , R" '
nr]'n[l] g= f ) (3)
-R v 3 tge=f (,Q) 2= f (qu,Qu1,
BP : Q2)
w 6, - -
' ’ 0z 09 g:
E (Vv k) I Q s ql
! Ql,QZ
_ _
Wie1= W+ N= Y
! EWe) 22 BP
€ , Q1,Q2 @q3 ,
7, 1, BP
2 BP ( 3771 ) 1 12 h
[2], 9 ,
21 BP 3 ) 1 85,
13

£ ] 2001-02-22
[ ] (1964- ),



5 : BP 135

, , W 1,W2,W 3, W 3 W
W 4 W1 JW 2 BP 2
Q 326 Q 585 2 453 Q 840 13 030 - Q 308 - 2 655
Wi=|2 344 - 1 872 4 483 - 2 440 3 814 4 576 - 5 264
Q 184 2 312 2 946 1 706 - 1 878 1 244 1170
W,= (1468 - 3579 7 797 - 3 477 8 757 4 714 - 15 401)

Wsz= (- Q727 Q282 - 2576 - 1250 Q722 - Q 348 Q 200)

W= - G 6664
1 12 h
Table 1 Basic data of floodw ater process in 12 h in a reservoir m®/s
No. Q1 Q2 o Real results Na Q1 Q2 ha Real results
1 10 140 10 20 7 32 15 130 100
2 140 710 20 105 8 15 10 100 75
3 710 279 105 235 9 10 10 75 65
4 279 131 235 225 10 440 190 165 242
5 131 65 225 175 11 190 95 242 200
6 65 32 175 130 12 95 45 200 150
2 BP
Table 2 mitation and prediction results of floodVN ater process of BP neural network
m3 s (f’Ts IS' 1) /% m3 s {) (nr3 IS 1) /%
No Caluculation Error Na Caluculation Error
Real results results Real results results
1 20 20 94 - 188 7 100 98 60 145
2 105 105 20 - 002 8 75 76 60 - 210
3 235 235 00 Q 00 9 65 64 36 Q 98
4 225 225 19 - Q40 10 242 234 80 330
5 75 174 72 - Q46 11 200 202 10 - 165
6 130 130 72 Q 56 12 150 153 70 - 245
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Establishment and application of the BP neural network model
on flood routing through reservoir
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Abstract: This paper analyzed the factors influencing flood routing through reservoir; established the
BP neural network model on flood routing through reservoir to imitate and predict flood w ater process,
study the factors affecting the convergence gpeed of BP neural network and describe the principle of
preference and range of BP neural network.
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