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Urban building extraction from high-resolution multi-spectral image
with object-oriented classification

LIU Hai-fei, CHANG Qing-rui, LI Fen-ling

(College of Natural Resources and Environment s Northwest A&F University ,Yangling s Shaanzi 712100, China)

Abstract: [Objective] This study explored the method of urban building extraction to help get building
distributions faster and make better urban plan. [Method) The study extracted the building roof from
QuickBird image of north campus of Northwest A&.F University using object-oriented classification with
rules and support vector machine. The classification result was compared with object-oriented classification
using SVM and traditional methods based on pixels. [Result]) Classification results showed that the overall
classification accuracy of object-oriented classification using rules and SVM was 90. 68%, 10. 38%,
15.31%,26.4% ,and 29. 2% higher than object-oriented classification using SVM, SVM classifier, maxi-
mum likelihood classifier and K-Means classier, respectively. [Conclusion) Object-oriented classification u-
sing rules and SVM led was an efficient way to get building distributions.
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Fig. 1 QuickBird panchromatic image (A) and false color image (B) of north campus of NWSUAF in Yangling, Shaanxi
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Fig. 2 Technical flow chart of urban building extraction from high-resolution

multi-spectral image with object-oriented classification
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